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Abstract: Clustering algorithm is a new research hotspot in the field of machine learning in recent years. In order to be able to
cluster in the sample space of any shape, the scholars have put forward the excellent algorithms such as spectral clustering and graph
theory clustering. In this paper, we first introduce the classical NJW algorithm of graph theory clustering algorithm and the basic idea
of NeiMu algorithm,and then we put forward with a new algorithm named Improved adaptive spectral clustering NJW algorithm.
This method overcomes the shortcomings of the classical NJW algorithm, which need to set the number of clusters in advance and
need to be repeated to get the data classification results. We compare the adaptive NJW algorithm with the classical NJW algorithm,
the adaptive NJW algorithm and the NeiMu graph theory clustering algorithm on the UCI standard data set and the measured data set.

The experimental results show that the adaptive NJW algorithm is convenient and well practicable.
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